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Word representation
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Word representation PA
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Featurized representation: Dﬂ‘v
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Visualizing word embeddings %
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[van der Maaten and Hinton., 2008. Visualizing data using t-SNE]
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Named entity recognition example PAV
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Transfer learning and word embeddings%
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1. Learn word embeddings from large text corpus. (1-100B words)

(Or download pre-trained embedding online.)

2. Transfer embedding to new task with smaller training set. (say,

100k words)

3. Optional: Continue to finetune the word embeddings with new

data.
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Relation to face encoding %‘V
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[Taigman et. al., 2014. DeepFace: Closing the gap to human level performance]
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[Mikolov et. al.,, 2013, Linguistic regularities in continuous space word representations]
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Analogies using word vectors [:A
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Cosine similarity PA
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Embedding matrix
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In practice, use specialized function to look up an embedding.
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Neural Ianguage model
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[Bengio et. al., 2003, A neural probabilistic language model] <
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Other context/target pairs [:A
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I want a of orange juice to go along with my cereal.
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